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Lab-Scale Experimental
Characterization and Dynamic
Scaling Assessment for
Closed-Loop Crosswind Flight of
Airborne Wind Energy Systems

This paper presents the experimental validation and dynamic similarity analysis for a
lab-scale version of an airborne wind energy (AWE) system executing closed-loop motion
control. Execution of crosswind flight patterns, achieved in this work through the asym-
metric motion of three tethers, enables dramatic increases in energy generation com-
pared with stationary operation. Achievement of crosswind flight in the lab-scale
experimental framework described herein allows for rapid, inexpensive, and dynamically
scalable characterization of new control algorithms without recourse to expensive full-
scale prototyping. We first present the experimental setup, then derive dynamic scaling
relationships necessary for the lab-scale behavior to match the full-scale behavior. We
then validate dynamic equivalence of crosswind flight over a range of different scale
models of the Altaeros Buoyant airborne turbine (BAT). This work is the first example of
successful lab-scale control and measurement of crosswind motion for an AWE system
across a range of flow speeds and system scales. The results demonstrate that crosswind
flight can achieve significantly more power production than stationary operation, while
also validating dynamic scaling laws under closed-loop control. [DOI: 10.1115/1.4038650]

1 Introduction

Wind energy is one of several renewable energy sources that
continue to play an increasing role in satisfying the world’s
energy demand. However, tower costs and installation logistics
typically limit towered wind turbine installations to nonremote
and shallow-water offshore locations. Furthermore, towers limit
hub heights to approximately 100 m, which does not provide
access to stronger high-altitude winds. Airborne wind energy
(AWE) systems, which replace towers with tethers and a lifting
body (a kite, wing, or aerostat), enable operation at altitudes up to
600 m, where winds are stronger and more consistent, all while
eliminating up to 90% of the material required for towered sys-
tems (see Ref. [1]). Simultaneously, these systems produce power
at a lower price to the consumer than diesel generators (see
Refs. [2] and [3]). This makes AWE systems a good fit for remote
and off-grid communities. Inspired by these possibilities, numer-
ous companies and research organizations (see Refs. [1] and
[4-9]) have pioneered unique designs for AWE systems over the
past decade. Several AWE systems are depicted in Fig. 1. These
systems either feature airborne power generation (as is the case
with Refs. [1] and [5], where power is generated by an on-board
turbine(s) and transmitted to the ground) or ground-based power
generation (as is the case with Ref. [4], where power is generated
on the ground as a result of tension in the tethers as they are
spooled out).

In addition to enabling high-altitude operation, the replacement
of a tower with tethers enables motion through the air. While this
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may initially be viewed as a drawback, appropriately designed
periodic motions have been shown in Ref. [10] to significantly
enhance the power output of an AWE system. Specifically, by
flying an AWE system perpendicular to the wind direction, the
apparent wind speed presented to the airborne system is increased.
This motion, termed crosswind flight, translates into significantly
increased power production, as the power production from a wind
turbine is proportional to the apparent wind speed cubed. The
promise of significantly increased energy generation has led to a
growing body of literature that focuses on crosswind flight control
algorithms, including [11-16].

The vast majority of existing literature on AWE system flight
control has been simulation based. It is well established that while
existing models capture the key variables and phenomena
involved with AWE flight dynamics, they fall short of predicting
significant dynamic characteristics [17,18]. The limitations of
existing models arise from necessary model order reduction, use
of lumped, steady aerodynamic models, and unknown model
parameters.

Given the nascent state of AWE control systems, inaccuracies
in existing simulation models, and significant full-scale experi-
mental prototyping costs, an inexpensive, small-scale experimen-
tal framework for AWE system flight characterization is highly
desirable. However, achieving such a framework in a way that is
approximately dynamically scalable to full-scale systems is a
challenging engineering feat. This has limited the number of
efforts in the AWE community to develop a lab-scale framework.

Within the limited body of literature that addresses small-scale
experimental characterization of crosswind systems, the authors
of Ref. [19] built a small-scale (approximately 30 m maximum
line length) system for characterizing and optimizing figure-eight
crosswind motions. Meanwhile, the authors of Ref. [20] have
developed a wind tunnel-based /ab-scale experimental framework
for a rotating cylinder that uses the Magnus effect to generate lift.
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(a)

(c)

Fig. 1 AWE systems that have been implemented at full scale, including the (a) KITEnrg sys-
tem [4], (b) Altaeros BAT [5], and (c) Google-owned Makani Power prototype [1]

However, the use of a heavier-than-air model in a wind tunnel at
this scale does not allow for dynamic similarity between lab-scale
and full-scale flight, due to the tremendous resulting differences in
characteristic oscillation frequencies.

The authors of Refs. [17], [18], and [21-24], on the other hand,
have developed a water channel-based framework for lab-scale
experimental characterization of AWE systems, with the goal of
establishing dynamic similarity results between this lab-scale
setup and its full-scale counterpart. Work in Refs. [17] and [18]
proposed an initial framework necessary for measuring position
and orientation of a lab-scale system during passive flight. This
work was then extended in Refs. [21-23] to include active control
to constant set points, resulting in nominally stationary flight. In
order to implement crosswind flight at lab scale, a significantly
enhanced motion capture system was introduced in Ref. [24] for
the purpose of measuring model position and orientation over a
much larger range of dynamic motions. This led to the first
demonstration of lab-scale crosswind flight in Ref. [24], with an
evaluation of crosswind flight over multiple flow conditions (and
a single model) presented in Ref. [16].

While our previous conference publications [16,24] demon-
strate successful crosswind flight under a limited number of flow
conditions, these references focus on a single model, do not
include a controller scaling analysis that demonstrates equivalence
between lab-scale and full-scale, and do not account for the
energy consumed in crosswind flight. In fact, all of the previous
scaling analysis for the water channel system, which is summar-
ized in Ref. [23], is restricted to the passive system, without con-
sideration of control parameters. The present paper is the first to
establish dynamic scaling results for control parameters, for both
stationary and crosswind closed-loop flight. Thus, it serves as a
greatly extended version of our previous conference results.

The contributions of this work are as follows:

e The first lab-scale demonstration of closed-loop crosswind
flight at lab scale, for a variety of flow conditions and model
scales.

e An enhanced motion capture system capable of operating
under rapidly varying trajectories and lighting conditions.

e Dynamic scaling relationships that indicate how controller
parameters need to be scaled to achieve similarity between
lab-scale and full-scale flight.

e Experimental validation and error analysis of dynamic scal-
ing laws under closed-loop crosswind flight control.

e Energy generation performance analysis.

After describing the full-scale system, dynamic model, and
crosswind flight control strategy in Sec. 2, we detail the lab-scale
system and present the augmented motion capture system in
Sec. 3. Section 4 details the dynamic similarity between the lab-
scale and full-scale systems, presenting scaling laws necessary to
achieve dynamic similarity under closed-loop control. Results in
Sec. 5 show that:

e Crosswind flight is effectively induced and controlled via
this strategy;
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e this crosswind flight can produce significant increases in
energy generation performance; and

e dynamic behavior across three model scales obeys scaling
laws derived via Buckingham-Pi analysis to within experi-
mental tolerances.

We conclude with a discussion of possible sources of error
inherent in the water channel setup.

2 Full-Scale System: Modeling and Flight Control

The various designs of AWE systems can be controlled though
either active aerodynamic surfaces (as is the case with the
Google-Based Makani Power [1] and Ampyx [6] systems, among
others) or tether articulation (used by Altaeros Energies [5] and
KITEnrg [4], among others). The control strategy utilized in this
work induces crosswind motion through the asymmetric articula-
tion of tethers. For this purpose, we focus specifically on the
Altaeros Buoyant air turbine (BAT). The BAT, shown in Fig. 2, is
a lighter-than-air design wherein a horizontal-axis turbine is sus-
pended within an annular shell. The system is intended for flight
at altitudes up to 600 m, where it can harness energy from strong
and consistent winds. The BAT consists of four main components,
namely, a helium-filled annular shroud that holds the turbine, the
turbine itself, three tethers (one of which is a conductive cable),
and a ground station. One tether is attached at the center of the

Fig. 2 Image of prototype full-scale system, the Altaeros BAT,
showing annular shroud, turbine, tethers, and ground station
(Adapted from Ref. [5])
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rear (aft) of the lifting body. The other two are attached on either
side (port and starboard) of the front of the lifting body. While the
BAT is nominally designed for stationary flight, the cross section
of the annular shell is composed of lifting airfoils, thereby
producing the aerodynamic forces that make it possible to realize
increased power generation under crosswind motion.

2.1 Dynamic Model. The dynamic scaling analysis described
in this paper is based on a relatively simple model, discussed in
Ref. [17], that captures the key variables involved in the
AWE system but does not possess the fidelity of real flight
experiments. Hence, the model contains the necessary information
for conducting a dynamic scaling analysis; nevertheless, it is by
no means a replacement for experiments.

The model of Ref. [17], which is derived using a Euler—
Lagrange approach, approximates the three tethers as a single
tether of length L, and a spherical bridle joint as shown in Fig. 3.
This approximation results in a model that is fully described by
ordinary differential equations, without algebraic constraints. The
model derived therein has the form

D(Q)0 + C(Q,0)0 + G(Q) = ©(Q, 0, Vwind: Vyyina) (1)
X =£(0,0) )
Q=g(0.0) 3)

where vy,inq is the wind speed, Y ing is the wind heading, and

0= A ¥ L 0 ¢] 4)
X= [xg Yo Zg Xb Yy Vb )
Q= 0 ¥ p q 7] (6)

The azimuth angle, ®, zenith angle, A, tether twist angle, ¥, and
mean tether length, L,, are shown in Fig. 3. The vector X includes
the ground frame positions, denoted by the subscript “g,” and the
body frame translational velocities, denoted by the subscript “b.”
The vector Q includes the rotational degrees-of-freedom (Euler

\
|
Spherical
Bridle Joint

Fig. 3 Comparison of full-scale system (left) with dynamic
model approximation (right) which treats the three-tether sys-
tem as a single tether with a spherical bridle joint
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angles), along with the body frame rotational velocities. The
quantities 0’ and ¢’ are termed the induced pitch and the induced
roll, respectively. Along with yaw, they describe the orientation of
the lifting body relative to its position vector. These angles are
approximately related to the tether lengths by

¢ =tan"! <l311; 12> 7)
sep

I (11 —05(hL + 13)> ®

long
Zsep

where 1};;;% and z}gp are longitudinal and lateral tether attachment
separation distances, respectively. This approximation, wherein
we model a three-tether system using a single link plus two rota-
tional degrees-of-freedom, allows us to model the AWE system
using ordinary differential equations, rather than differential alge-
braic equations. The control inputs are the tether release speeds,
u;, which are related to the tether lengths by

d
i=l 9
= ©)

For the full-scale system, the tether speed commands are real-
ized through a variable frequency drive system. For the lab-scale
system, the tether release speed commands are realized through
direct current (DC) motors whose input voltages are proportional
to the tether release speeds.

2.2 Basic Flight Control. The goal of the BAT’s control sys-
tem is to use three tethers to impart desirable flight characteristics
to the system. In the case of stationary flight, this involves using
the three tethers to keep the altitude, pitch angle, and roll angle
fixed at desirable values. For crosswind flight, detailed in Sec. 2.3,
the side tethers will be used to periodically alter the roll angle set-
point for the purpose of power augmentation.

The use of three tethers enables direct control of three quanti-
ties. Pitch, 6, is controlled by spooling out on the aft tether while
spooling in on the front tethers, or vice versa. Roll, ¢, is con-
trolled by spooling out on the port tether and spooling in on the
starboard tether, or vice versa. Altitude, z,, is controlled by spool-
ing all tethers in or out simultaneously. Each of three controllers,
namely, the altitude controller, pitch angle controller, and roll
angle controller, is composed of a lead filter (i.e., a filtered propor-
tional plus derivative controller). A block diagram of the control
strategy is shown in Fig. 4. The individual controller transfer func-
tions are

e
Zep—E )~ G4 (S)
v
V4 1 u
gm . , Linear |—»
+ (2] 2 H H u
Osp Co(s) Combination | %2
_ Vs Us

0 U =Av —
m

Cy(s)

bm

Fig. 4 Block diagram of the flight control strategy showing set-
points z,p, 05p, and qssp, tether release speed commands, uy, u,,
and us as well as the measured altitude, pitch, and roll z; 1, 0,5,
and ¢,
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The signals produced by the individual controllers are com-
bined to produce tether release speed commands, which are
related to vy, v,, and v; through a linear combination (see Fig. (4))
where

A=1|1 1 1 (11)

Because there exists a pure integrator between the motor volt-
age commands and the tether lengths (/y, />, and /5, which dictate
r., 0, and ¢), an integrator is not included in the controller itself,
as it is unnecessary for tracking sufficiently slowly varying com-
mands and would lead to reduced stability margins if included.

2.3 Crosswind Augmentation. The Altaecros BAT, which is
used as a case study in this work, is designed for nominally sta-
tionary operation; thus, it does not possess the high lift/drag ratios
and nimble dynamics of some other lifting bodies, which are
required to realize several times as much power under crosswind
flight than in stationary operation. Nevertheless, its annular design
does allow for significant lift and side force, thereby allowing for
moderately increased power production under crosswind motions.

During crosswind flight, the wind speed delivered to an air-
borne turbine, v,, is a combination of the wind velocity vector vy
and the velocity vector of the turbine v. It is computed by a simple
vector difference. This is shown in Fig. 5 (left) and given by

Va = Vs — V| (12)

To characterize the benefit of crosswind flight, it is beneficial to
introduce a measure that compares the energy generation potential
under crosswind motion to that which could be achieved under
stationary operation with the same equipment. That comparison is
quantitatively characterized in this work by the power ratio, P.
The power ratio characterizes the amount of additional power that
can be created by the crosswind motion as compared with the
power that could be generated by the same turbine under

Lateral Force

Lift

f
1
I
|
I

Fig. 5 Top-down (left) and frontal view of AWE system (right)
depicting the method of inducing crosswind flight. The top-
down view shows free stream velocity of fluid flow, v¢, velocity
vector of model, v, and velocity vector of apparent wind as
experienced by the model v,. The frontal view shows how the
aerodynamic lift vector generates significant lateral force when
the model is rolled.
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stationary flight, assuming that the turbine is operating below its
rated wind speed at all times. This ratio is given by

o PGcnerated(I) B PComrol(t)

P(t) =
( ) PStationary (t)
1 3
Epngrepr - ka(u,-(t))r,-(t)u,-(t)
= 0 =l (13)
3 pv;-ArefC,,

where p represents the fluid density, C,, represents the turbine’s
power coefficient, A.¢ represents the rotor area, and t; represents
individual tether tensions. The term k,, (u;(¢)) represents a lumped
winch efficiency term (accounting for regenerative capabilities)
given by

L <o
k() = {1 (14)
My, ui(t) =0

where #,, and 7, represent the motor efficiency and regenerative
efficiency, respectively.

To induce crosswind flight, the BAT is rolled to the side as
shown in Fig. 5 (right). This results in a sideways component of
the aerodynamic lift vector, causing the BAT to move laterally,
thereby inducing crosswind motion. One method to implement
this strategy is to hold zy, and 0y, constant, while ¢, is varied
periodically, according to a square wave profile given by

T
aop, kTSI<kT+§
by (1) = T (15)
—ay, kT+5§t<(k+1)T

for k € N. The amplitude, @y, and period, T, represent tunable
parameters that have a significant impact on the energy that can
be produced through crosswind flight trajectories.

3 Lab-Scale Experimental Setup

This work is based on a small-scale setup for characterizing the
dynamics and control of an AWE system in a 1 m x 1 m water
channel, as shown in Fig. 6. Three-dimensional (3D) printed mod-
els, whose cross-sectional areas comprise less than 1.5% of the
total water channel cross-sectional area, are tethered and “flown”
in the water channel. For the full-scale system, resolving position
and orientation simply involves a global positioning system and
inertial measurement unit. Since that equipment is impractical for
a small-scale model in water, it was necessary to replace the
motion capture system with a wholly different system. The
method of motion capture presented here produces the same out-
puts as the full-scale system, namely, the position and orientation
of the BAT. This makes it possible to accurately model the struc-
ture of the controller used at full scale. Figure 7 shows a detailed
comparison between the control strategies of the full-scale and
lab-scale systems.

During an experiment, an individual model is tethered and
“flown” in the water channel experimental setup shown in Fig. 6.
The experimental equipment consists of three DC motors for tether
actuation, three high-speed cameras for image acquisition, and a
high-performance host/target computer pair for real-time motion
capture and closed-loop control. The motor time constants for the
micro-DC motors used in this work are more than an order of mag-
nitude faster than the desired closed-loop system time constants.
The image processing and real-time controller are executed on a
dedicated personal computer, using Mathworks (Natick, MA) siMu-
LINK Real-Time® software. The system uses Basler ACE 340km
grayscale cameras to obtain the images of the model.

Transactions of the ASME

$20Z 1Mdy 0z uo 1senb Aq ypd'G00L L0 L0 0L~ SP/ZL2G209/S00L L0/L/0% ) Apd-8lonie/swalsAsolweuAp/wod ieyoisAlis-opawse//:dpy woy papeojumoq



Fig. 6 Image of experimental equipment showing the water
channel, host computer, target computer, DC motors (inset left),
scale model, and video cameras. The DC motors and tether
spools are located above the water channel, outside the frame
of the main image.

The use of three cameras at different orientations (two perpen-
dicular to the flow and one at a 45deg “slant” underneath the
water channel) provides sufficient imaging data for resolving both
the position and orientation of the model. In this work, the model
position vector, r = [x,y,z,|, points from the origin of the
ground-fixed coordinate system to the origin of the body-fixed

Full-Scale System

Uy Position &

> . ,
Controller | u, | Altaeros BAT, Orientation
| 2,
(Fig. 8) |y, | Winches, Tethers
3

IMU
&
GPS

Lab-Scale System

sp Uu
+ | 21,

Position &

Controller | u, | Scale Model, bc | Orientation
Fig. 8 Motors, Tethers
(Fig- 8) |uy

High Speed
Cameras
zl img,
Geometric 2 Otsu's

. img,
gm Transformation P3 | Thresholding im
P4 & Dot Location 93

Fig. 7 Comparison of the control structure of lab-scale and
full-scale system. The new, enhanced motion capture and
image processing algorithms detailed in this paper are located
in the feedback loop of the lab-scale system. While the plant
and feedback instrumentation differ between setups, the con-
troller does not. The variable, p;, is a matrix containing four sca-
lars, the x and y pixel coordinates of each set of dots within the
image img;. This is explained in detail in Sec. 3.1.
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#1 Camera

#2 Camera
(Underneath
Uprstream)

#3 Camera
(Underneath
Downstream)

Y

Fig. 8 Schematic depiction of three-tether AWE system based
on the Altaeros BAT with zero roll, pitch, and yaw, including
camera locations, tether lengths (/;), and azimuth angle (®)

Flow Direction

coordinate system at the models center of mass. The model orien-
tation (attitude) is characterized through roll (¢), pitch (6), and
yaw (1) Euler angles.

In order to design a controller capable of producing crosswind
flight, it is necessary to resolve the position and orientation of the
model in real time. A schematic representing the system is shown
in Fig. 8. It shows the ground-fixed coordinate system, denoted by
the subscript “g,” as well as the body-fixed coordinate system,
denoted by the subscript “b.” All of the key variables used in this
work are summarized in Table 1.

The unit vectors representing the body fixed x, y, and z axes are
represented as three-component vectors in the ground-fixed
system. Figure 8 also shows the lengths of the center tether, /;,
starboard tether, /5, and port tether, /5.

In characterizing a crosswind flight trajectory, it will be con-
venient to examine the azimuth angle, which is shown in Figs. 3
and 8 and is defined as

® = arctan>% (16)
Xg

Table 1 Relevant variables and descriptions

Variable Description Units
r Position of model cm

v Velocity of model cm-s~!
\/3 Free stream flow velocity cm-s!
\Z Velocity of apparent wind cm-s7!
(0] Azimuth angle —
A Zenith angle —
¢,0,y Roll, pitch, and yaw angles —
XbsVpsZb Unit vectors of body-fixed coordinate system cm
I, b, 13 Center, starboard, and port tether lengths cm
ry,r,r; Camera #1, #2, and #3 positions in ground-fixed cm

coordinates
Uy, Uy, U3 Commanded tether release speeds cm-s!

JULY 2018, Vol. 140 / 071005-5
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Dot Set 1

Dot Set 2
(Bottom)

Fig. 9 Image of 3D printed, 1:100 scale model of the Altaeros
BAT (approximately 8 cm in length), showing image tracking dot
sets as well as two of the three tether attachment points. The
starboard tether attachment point is not visible in the image.

The azimuth angle characterizes the extent by which the lifting
body deviates from a direct downwind configuration. Under suc-
cessful crosswind flight, @ will exhibit periodic oscillations about
O=0.

3.1 Motion Capture System. Successful crosswind flight in
the lab-scale setup requires continuous, accurate measurements of
the lifting body’s position and orientation (attitude). This means
that the three cameras depicted in Fig. 8§ must continually track
the white dots on the model, as shown in Fig. 9. A basic
threshold-based image processing algorithm was implemented in
the previous work [22], for accomplishing this on a stationary
AWE system; however, successful motion capture for crosswind
flight places increasing demands on the underlying image process-
ing algorithms, as they must track a fast-moving system under
varying lighting conditions. The enhanced system has augmented
the effective field of view and increased the degree of dynamic
behavior that can be accurately tracked. This subsection details
the enhanced motion capture system that has been implemented
for these purposes, which consists of two key steps:

(1) Dot centroid detection in a single still frame.
(2) Derivation of AWE position and orientation from dot cent-
roid locations.

The location of this improved motion capture algorithm within
the overall control scheme is shown in the feedback loop of the
lab-scale system in Fig. 7.

3.1.1 Dot Centroid Detection. The first step in resolving the
position and orientation of the model is to locate the visual targets
(white dots) in each of the source images. To decrease processing
time, a small region of interest (ROI) is first extracted from the
source image for each camera. This ROI matrix G is a two-
dimensional matrix of gray-scale values ranging from 0 to 255.
To classify each pixel in the ROI as belonging to a dot or the
background, a threshold-based technique known as Otsu’s method
[25] is used. This method works by generating an intensity histo-
gram from the ROI matrix and then calculating the intra-class

071005-6 / Vol. 140, JULY 2018

variance, aﬁ, for each intensity value ¢. The intra-class variance is
defined in the following equation:

(&) = W ()77 (&) + wp(E)ar(E) a7

Here, ), is the weighted probability of the class to the left of the
point being considered on the histogram and wy is the weighted
probability of the class on the right of the point being considered
on the histogram. Variances appear in Eq. (17) as ¢7 and o3.
These represent the variance of the left and right classes, respec-
tively. It is shown in Ref. [25] that the value &, that minimizes aﬁ,

& = arg min{o; (&)} (18)

is an accurate approximation of the best threshold level. Based on
o, all pixels in the ROI are classified as 1 or 0 in a binary matrix,
B, whose entries are specified as follows:

o 17 Gij 2 50
B; = { 0, otherwise (19)
The binary matrix is divided either horizontally or vertically
(depending on which camera and ROI is being considered) into
two smaller matrices, B; € R™*" and B, € R™*". The precise
dividing line between the two matrices is based on the horizontal
or vertical centroid location of B (horizontal if the matrix is
divided horizontally; vertical if the matrix is divided vertically).
Once B; and B, have been obtained, coordinates of the dot cen-
ters, denoted by x.1,yc1,Xe2, and y., are located by calculating
individual components of a discrete two-dimensional geometric
centroid according to the following equation:

my n my n
> b > b
i=0 j=0 =0 j=0
Xel = my n ’ Yel = my  n
> D b > b
i=0 j=0 i=0 j=0 20
nm, np my 1y (20)
> b > b
_i=0,=0 _ =0 j=0
X2 = m m s Y2 = My
> b > b
i=0 j=0 i=0 j=0

Here, by;; is the component located in the ith row and the jth
column of the first binary matrix, By, and by;; is the component
located in the ith row and the jth column of the second binary
matrix, B,. The individual position components are then trans-
formed back into coordinates in the original image by simple
addition with the position coordinates of the ROI within the over-
all image.

This procedure is performed four times on three different
source images at every time-step. As depicted in Fig. 8, camera #2
tracks dot sets 2 and 3, which are located on the bottom of the
model, as shown in Fig. 9. Camera #1 tracks dot set #1, which is
located on the side of the model, and camera #3 tracks only dot
set # 3. This produces four vectors p; € R* given by

Pf:[xi-l J’i-l Xﬁ-z yzz] 2y

where the index i € {1,2,3,4} specifies the combination of cam-
era and dots being tracked.

3.1.2 Derivation of Orientation and Position. Each set of dots
is aligned with either the body-fixed x or y axis; specifically, two
of the ROIs track dots oriented along the x;, axis, whereas the
other two track dots that are oriented along the y, axis. Table 2
delineates the precise geometric information that is provided by
each camera and each set of dots. This information is sufficient
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Table 2 Resolution of specific body-fixed unit vector
components

Unit vector Component Camera Dot set
X b Xg 1 1
Xp Ve 2 3
X b Zg 1 1
Y Xg 2 2
Vb Ve 2 2
b Zg 3 2

for the calculation of the unit vectors &, and y, in ground-fixed
coordinates. Once X, and y, have been determined, 7, is deter-
mined from a simple cross product; specifically, Z, = &5 X .
The complete set of body-fixed unit vectors in the ground-fixed
coordinate system forms the columns of a rotation matrix that enc-
odes the Euler angles, namely, roll (¢), pitch (0), and yaw ().

Because the position of the model is necessary to determine the
conversion factor between pixels and distance, and because posi-
tion is required for dynamic characterization and flight control, r
is also computed at each time-step. This is accomplished by using
the location of each group of dots in each frame to provide a
measurement relative to the centerline of the camera view. The
individual components of the position vector r satisfy the system
of equations given by the following equation:

N, 2 tan
'y =1y — <7V - Vdots,2) (‘rZ - l'|)< NV y)

N, 2tan)
ry =12, + (711 - hdots,2) (ra — I‘|)( N, /) (22)

N 2tany
r;=ry;— (7‘/ - Vdots.l) (|l'1 - l‘|)( Ny ,)

where 7, is the x component of the bottom, upstream camera
position vector, 75, is the y component of the bottom upstream
camera position vector, and 7|, is the z component of the side
camera position vector. Furthermore, Ny and Ny, are the number
of horizontal and vertical pixels in an image, and y is the view
angle of the camera relative to the centerline. The position of the
dots within each frame is denoted as vqos,1 for the vertical position
of the dots in the frame from the bottom upstream camera, /qos 2
for the horizontal position of the dots in the frame from the bottom
upstream camera, and v4q 1 for the vertical position of the dots in
the frame from the front camera. Note that the vertical position in
the frame is measured from the top of the image down.

Because this system relies on digital images, it produces quanti-
zation error. In general, the magnitude of this error will be a non-
linear function of the true position and orientation. However, it is
possible to provide an estimate of the typical (average) value of
this error, which will not vary by more than approximately 10%
over the course of flight. Typically, the total distance between dot
centers in an image is image approximately 80 pixels. Therefore,
the quantization error in orientation, calculated through a simple
arc tangent, is approximately 0.7 deg. The quantization error in
position can be approximated by using the derivative of Eq. (22)
with respect to r. For a set of dots in the middle of the camera
field of view, and the center of the water channel, it is found to be
approximately 1 mm.

4 Dynamic Scaling Analysis for Lab-Scale/Full-Scale
Equivalence

In order to compare the closed-loop dynamic behavior across
model scales, we utilize the Buckingham-Pi theorem of Ref. [26]
to derive relationships that describe how to appropriately scale
plant and controller parameters. Although the dynamic model
detailed in Egs. (1)—(6) does not provide the level of detail that
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Table 3 Physical dependencies used to describe the charac-
teristics of the lifting body as identified from the dynamic
model

Parameter Variable Units

Mean tether length L,
Aerodynamic chord length
Tether diameter

Mass of aerostat

Fluid density

Wind or flow speed
Gravitational acceleration
Azimuth rate of change
Azimuth acceleration

Zenith rate of change

Zenith angle acceleration

Tether twist angle rate of change
Tether twist acceleration

Linear tether density

m
m
m
kg

S>> 0060 F s KA D
|

actual flight tests provide (hence the desire for an experimental
setup), it does provide enough information to identify key varia-
bles in the system dynamics which is essential for applying the
Buckingham-Pi theorem. This section first reviews the methods
and results of Ref. [23], which are used to scale the plant. Then,
we derive a new set of scaling laws that describe how the control-
ler of the lab-scale system should be scaled to achieve dynamic
equivalence. Together, these two sets of scaling laws provide a set
of guidelines for achieving dynamic similarity between the lab-
scale and full-scale systems under closed-loop control.

4.1 Dynamic Scaling Analysis of Plant Parameters. Start-
ing with the dynamic model detailed previously, Ref. [22] identi-
fies several key plant parameters. For completeness, these results
are summarized here. A list of key dimensional plant parameters
identified from the dynamic model are detailed in Table 3. Using
the Buckingham-Pi theorem [26], these parameters are then
related to each other via the set of nondimensional groups

Lo L L¥p JL, gL, L 120 LA L2A LY 12¥ ’;

L[7dt7Mu7Ma’v27V7V2’V7V27V7V2 ( )
which must remain constant across model scales in order to ensure
dynamic similarity. However, in these dimensionless groups, there
is a direct variation of the velocity and length scales, thus render-
ing it impossible to vary both flow speed and length scale while
simultaneously maintaining dynamic equivalence according to the
sixth through eleventh dimensionless variables in Eq. (23). This

contradiction can be resolved by introducing a normalized time, 7,
which is related to absolute time, (¢), through a scalar parameter, «

_ 1
t=oatf, o0X—— 24)

VL.

This relationship reflects uniformly altered time constants (altered
through the “stretching” factor, o), at small scale versus full-scale.
The new dimensionless groups, where derivatives are calculated
relative to the normalized time, 7, are

0
Le Ly Lip ALy do _ 7 g2 dA
I ) ’ ) =0 vt V7 ,277L[7, V,
L, d, M, M, 1% dt \% dt

A , 2 25

L. L L?P AL, gL,
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Table 4 Controller parameters that impact dynamic behavior
of crosswind flight

Parameter Variable Units
Roll controller proportional gain kpg m-s!
Pitch controller proportional gain kpo m-s~!
Altitude controller proportional gain kp: s7!
Roll controller derivative gain kag m
Pitch controller derivative gain kao m
Altitude controller derivative gain ka- —
Roll controller time constant T4 S
Pitch controller filter time constant Ty S
Altitude controller filter time constant T, S
Pitch setpoint Osp —
Altitude setpoint Zsp m
Roll setpoint amplitude a —
Roll setpoint period T S
Tether release/retract speed limit v m-s!

These dimensionless groups lead to the following guidelines for
achieving dynamic similarity:

(1) Individual tether lengths /1, /5, and /3 must be scaled by the
same factor as the model length, thereby maintaining geo-
metric similarity.

(2) Net buoyancy (Fhouyant/mg) must be preserved at lab-scale
and full scale.

(3) Taking L as the length-scale factor (i.e., a 1:100-scale
model would have L = (1/100)), flow speed should be
scaled according to the square root of L, i.e., vy \/vaun,
where vy is the target velocity of the full-scale system for
which we wish to replicate flight characteristics. This scal-
ing rule ensures preservation of the fifth dimensionless
group (the inverse of the Froude number squared) at scale.

These scaling rules are valid under two assumptions:

(1) Mass distribution is identical at lab-scale and full-scale,
which means that the moments of inertia are completely
determined by the mass and scale factor, L. This assump-
tion is satisfied through proper design of 3D printed
models.

(2) Aerodynamic coefficients are independent of the Reynolds
number within the Reynolds number ranges seen in the
water channel (75,000 at a 1 m/s flow speed, using chord
length as the reference length) and full-scale system
(5,000,000 at a 10 m/s wind speed). Hence, the viscosity of
the medium is neglected as a physical dependency. The
approximate validity of this assumption has been verified
experimentally in Ref. [23] for the Altaeros BAT.

4.2 Dynamic Scaling Analysis of Controller Parameters.
In order to compare dynamic behavior under closed-loop control
across model scales, it is necessary to extend the dimensional
analysis of Ref. [23] to include controller parameters. From the
controller detailed in Eq. (10) and Fig. 4, we identify the gains,
time constants, and setpoints of the controllers as the relevant

Fig. 10 Three different scale models of the Altaeros BAT. The
smallest (left) has a characteristic length that is 75% of the char-
acteristic length of the 1:100 model (middle). The largest (right)
has a characteristic length that is 125% of the characteristic
length of the 1:100 model (middle).

parameters. A detailed explanation of each parameter, along with
associated units, is provided in Table 4.

The next step in Buckingham-Pi analysis is to derive dimen-
sionless groups. Since k., Osp, and a, are already dimensionless,
they can be removed from the analysis, and the resulting analysis
produces 11 dimensionless groups

L. L. L. Ve Ve vy t t t
- 7_L7_67tk1)27_f7 ! ’ ::117_7_7_7_ (26)
Zsp kdg kd¢ kpg k/,¢ v T: Tp T¢ T

Given the analysis results of Egs. (24) and (25) in Sec. 4.1, which
demonstrate that time (and all time constants) scale according to
t < /L., along with the results of Eq. (26), we arrive at the fol-
lowing scaling laws:

(1) Scale the derivative gains of the roll and pitch controllers,
kqp and k44, according to the length scale, L.

(2) Scale the proportional gains of the roll and pitch control-
lers, k9 and k,q, along with the tether speed saturation
limit, v according to /L.

(3) Scale the proportional gain of the altitude controller, k.,
according to (1/+/L¢).

(4) Scale the filter time constants, 7.4 as well as the roll set-
point period, T, according to /L.

Under the aforementioned scaling laws for both the plant and
the controller, the full-scale dynamic behavior will be replicated
at lab scale with the only exception being uniformly accelerated
time constants. In particular, the lab-scale time constants will
scale uniformly according to the square root of the length
scale, i.e., T o< \/L., where 7 represents any system time constant
(Table 5).

5 Experimental Validation Results and Discussion

To experimentally evaluate crosswind flight and dynamic simi-
larity at different scales, we consider three different scale models,
as shown in Fig. 10, rather than comparing a single lab-scale
model to a full-scale model (which we have very limited access to
and no means of controlling the experiment, since wind is ran-
dom). These models are termed the small, medium, and large
models. The small-scale model has a chord length, L?, equal to

Table 5 Relationship of experiments for the small, medium, and large models at two different flow speeds

Model Flow speed, Normalized flow Flow Roll setpoint Normalized roll setpoint
size vr (cm/s) speed, vy (cm/s) speed index period range (s) period range (s)
Small 22.0 254 A 4.330-7.578 5.000-8.750
Medium 25.0 25.0 A 6.000-8.750 6.000-8.750
Large 28.0 25.0 A 6.708-10.90 6.000-9.750
Small 16.5 19.1 B 4.330-6.495 5.000-7.500
Medium 18.8 18.8 B 4.500-8.500 4.500-8.500
Large 21.0 18.8 B 6.708-9.783 6.000-8.750
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Table 6 Variance (with respect to the mean curve) for data presented in Figs. 11-13

Model size Normalized Roll angle variance (rad®) Yaw angle variance (radz) Azimuth angle variance (radz)
Small No 0.0209 0.0309 0.0756

Small Yes 0.00949 0.00463 0.0141

Medium No 0.0221 0.0365 0.0971

Medium Yes 0.00533 0.00809 0.0207

Large No 0.0228 0.0287 0.108

Large Yes 0.00913 0.00903 0.0462

75% of the chord length of the medium-scale model, L', and the
large-scale model has a chord length, Lfy,, equal to 125% of the
medium-scale model. The medium model is a 1:100 scale model
of the 2013 Altaeros BAT prototype. The largest of these models
presents a blockage ratio of approximately 1.5% in the UNC
Charlotte water channel.

Each of the three scale models was subjected to the crosswind
flight control algorithm of Sec. 2.3 at two different flow speeds,
for a duration of at least 20 periods corresponding to between 90 s
and 210s depending on the roll setpoint period being tested. This
was found to be sufficient for the mean power ratio to converge.
At both normalized flow speeds, each model was subjected to
between 11 and 18 experiments wherein some experiments were
run multiple times to ensure consistency. Periods were chosen to
provide a normalized period resolution of 0.25s. The organization
of individual experiments is shown in Table 6. Note that the exact
matching of normalized flow speeds is limited by quantization
of the flow speed measurement, which is discussed in detail in
Sec. 5.4.

The results presented in this section have three purposes:

(1) To demonstrate successful crosswind flight at many differ-
ent operating conditions and model scales.

(2) To validate previously derived dynamic scaling laws for
the controller parameters.

(3) To demonstrate an increase in power production potential
from crosswind flight, quantified by the power ratio of
Eq. (13).

5.1 Dynamic Scaling of Controller for Experiments. In
order to compare between models, we relate the normalized time,
t, of the large and small models to the normalized time of the
medium model using the relationship provided in Ref. [23]. Spe-
cifically, f = at, where o o< v/L.. Normalized times are calculated
as

r

ZT"'I

=o', =", f =0t 27)

For the chosen model scales, this resulted in

o =1.155"", o"=1s", o =0.894s57" (28)

During the course of a single experiment, the controller for
each model was held constant. It was then varied across model
scales according to the scaling laws derived in Sec. 4.2, using the
scale factors of Eq. (28). The exact values used for controller
parameters are given in Table 7.

5.2 Comparison of Time-Dependent Quantities. In order to
compare individual quantities such as roll, yaw, or azimuth under
crosswind flight, it is also necessary for the normalized period of
the roll setpoint to be the same across all three model scales. By
characterizing each model over the same range of normalized
crosswind periods, we are able to compare the dynamic behavior
during crosswind flight across all three model scales. An example
of this comparison for a single normalized roll setpoint period is
shown in Figs. 11-13. For each of the curves in Figs. 11-13, the
average of the three curves was calculated, and the mean squared
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Table 7 Constant controller parameters for the small, medium,
and large models as related through dynamic scaling laws

Value—small Value—medium Value—large

Parameter model model model
kpg 8.66 10.0 11.18
kpo 4.33 5.00 5.59
k- 0.115 0.10 0.089
kag 2.25 3.00 3.75
kao 0.75 1.00 1.25
ka- 0.00 0.00 0.00
T4 0.13 0.15 0.168
T 0.173 0.20 0.224
T, 0.217 0.250 0.280
0y 5.00 5.00 5.00
Zsp 45.0 60.0 75.0
ao 15.0 15.0 15.0
vy 0.0677 0.0606 0.0524

Roll Angle Comparison - Flow Speed A
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3

~ - Setpoint
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= A - Large Model

Roll, ¢ (rad)

Normalized Time,

Fig. 11 Comparison of controlled roll angle plotted against
time, t (top), and normalized time, t (bottom)

Yaw Angle Comparison - Flow Speed A
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< 0.2 R FYE :
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g
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Fig. 12 Comparison of uncontrolled yaw angle plotted against
time, t (top), and normalized time, t (bottom)

error from this averaged was subsequently calculated, in order to
provide a signal variance that quantified the closeness of the curve
to the mean. The signal variances for each of the experiments
are reported in Table 6. These results demonstrate that the
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Azimuth Angle Comparison - Flow Speed A

- —Small Model

--Medium Model

- Large Model

0 20 40 60 80
Normalized Time, £

Fig. 13 Comparison of uncontrolled azimuth angle plotted
against time, t (top) and normalized time, t (bottom)

time-dependent, nondimensional quantities of roll angle, heading
(yaw angle), and azimuth angle exhibit very similar amplitudes,
phase shifts, frequencies, and nondimensionalized transient response
characteristics across all scales.

5.3 Comparison of Aggregate Quantities. Mean power
ratio, P, was measured for each of several roll setpoint periods,
for flow speeds A and B, using Eq. (13). This means power ratio
is given by

_ 1 s
P(T;) = — J P(t,T;)dt (29)
Ir =1,

where the instantaneous power ratio, P(z,T;), is given by Eq. (13).
For this analysis we took C, =05, 11,,, =0.9, n, =0.75,

A = 1lcm?, A" =20cm? andA of = 31 cm?. Because we d1d
not have dlrect measurements of individual tether tensions, and
because estimating tether tension from a model-based method
such as finite element analysis is a challenging and complex prob-
lem outside the scope of this work, it is necessary to approximate
the individual tether tensions in Eq. (13) through a simple, quasi-
static model based on known fluid dynamic and buoyancy charac-
teristics of the system (which drive the tensions). Specifically, we
approximated individual tether tensions by

Flow Speed A

14 T r T
.2
=S 1.3l ’ J
e b ry—
qs..). vo L o t ;‘”" * «_‘
[a WY ° 7 0 ““__‘ :
= (PR =——Sml. Model | |
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1 . . :
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Roll Setpoint Period, (s)
) Flow Speed A

=
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T

Power Ratio
85" Percentlie
—

(=)

4 6 8 10 12
Roll Setpoint Period, (s)

wi(t) = % (F1(0)cos(A — 0) + Fp(0)sin(A — 0) + Fy cos(A))
(30)

where F, represents the net buoyant force. The net lift and drag
forces, F; and Fp, were estimated based on known characteriza-
tions of the lifting body. It is important to note that this method
contains many simplifying assumptions, and therefore, should be
considered as a coarse estimate for the purpose of illustration.
Nonetheless, for the results shown here, the magnitude of the
control power calculated via Eq. (30) rarely exceeded 5% of the
power generated or about 25% of the excess power created
through crosswind flight.

A curve was then fit to the data for P as a function of the cross-
wind period, T, using an exponentially weighted regression func-
tion. An example form of this function for the small model at flow
speed A is given by

n

= 3w TP, @31

i=1

P(T|TS, PY)

where T = {Tf,m T5,, ... T;;}A} is the set of all roll setpoint peri-
ods tested for flow speed A, P} = {F';‘A,F;A, ...,F‘;’A} is the set
of corresponding measured mean power ratios given by Eq. (13),
and 1 € N is the number of periods tested for the small model at
flow speed A. The individual weight for a particular roll setpoint
period, T, w(T|T",), is given by

w(T|TS) = - (32)

where ¢ is a tuning parameter, chosen to be 5 s72 in this work.
Equivalent equations for the best curve for the medium and large
models at specific flow speeds are given by changing the super-
script s to m or [ and the subscript A to B as appropriate. The raw
data, along with the fit curves, are shown for both the mean power
factor and 85 percentile power factor in Fig. 14.
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Fig. 14 The top plots shows the measured mean power ratios, P AB> P7 AB> OF P! a g plotted against the correspond-
ing set of roll setpoint periods T} 5, T 5, or TA g along with their associated best fit curves given by Egs. (31) and
(32). The bottom plot shows the same for the power ratio 85th percentile.
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Table 8 Predicted and measured scale factors, slow flow speed

Model size Flow speed Predicted scale factor, o Experimentally identified scale factor, & Error (%)
Small B 1.15 1.30 13
Large B 0.894 0.846 54
Small A 1.15 1.22 6.7
Large A 0.894 0.806 10
) Flow Speed A L8 Flow Speed B
I I ’ I I "t
85t Pctl. , “. |a®=1.15
o o 16t -—"= ol =0.894
EE] = — ~
S 85" Petl. TN o1 3 ST T
5 1.5} C ol — 0.894 & 14+t E
g S W g —
[a W) Mean gt A 1.2F _Mian i e \ E
1 L L 1 L L
4 6 8 10 4 6 8 10
Normalized Roll Setpoint Period, (s) Normalized Roll Setpoint Period, (s)
) Flow Speed A L8 Flow Speed B
: . - | . . r -
&° =122 85 Petl. & =13
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Fig. 15 The top plot shows the power ratio plotted against the normalized roll setpoint period calculated from
nominal time scale factors, «°, «™, and «’. The bottom plot shows the mean power ratio plotted against the normal-
ized roll setpoint period calculated by using the scale factors &° and &' given by Eq. (33).

The experimentally identified scale factors for the small and
large models, relative to the medium model, &° and &1, were then
calculated as the scale factors that resulted in the best fit between
the power ratio curve of the small or large model and power ratio
curve of the medium model, as given by Egs. (31) and (32). Spe-
cifically, &° and &' were calculated as the scale factors that mini-
mized the root-mean-square error in between the power ratio
regression of the large or small model and the power ratio regres-
sion of the medium model. For example, the expression for the
small model at flow speed A reads

4 — arg min{ — JTf 18° (15, 03) — " (175 75 ) lar
&’ Tf — T() To
(33)

where T: ={o'T} 4,&'T5 4, ...,&'T, , } denotes the set of all nor-
malized roll setpoint periods for the small model at flow speed A
calculated using the variable scale factor &', and T’y =
{o"T} 4, 0" T5 4, ..., 0" T;) 4 } denotes the set of all normalized roll
setpoint periods for the medium model at flow speed A calculated
using the nominal scale factor o calculated directly from the
length scale, given in Egs. (27) and (28). Note that since
o =1, T} =T Vje{A B}

The limits on the integral of Eq. (33) bound the region where
the curve fits overlap and will also depend on &°. Specifically
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Ty = max{min{yﬂﬂls“}7 min{ T’ }} (34)

Ty = min{max{T", }, max{T"| }} (35)

Plots of the best fit curve for the mean power factor of the small,
medium, and large models are shown by the darker curves in
Fig. 14. The average power ratio is limited by frequent tacking,
which arises due to tether length limitations in the water channel.
In fact, the bottom plots of Fig. 14 show the 85th percentile power
ratio, demonstrating that the system indeed achieves power ratios
close to two over substantial portions of the crosswind motion.
Maximizing the fraction of crosswind flight over which these
larger power ratios are realized represents an important topic of
ongoing control design research.

We compare the measured scale factors, given by Eq. (33), &°
and &' to the predicted values, * and o/, calculated directly from
the characteristic lengths in Table 8. Figure 15 shows plots of the
power ratio as a function of the normalized roll setpoint period, as
calculated using both the predicted and measured scale factors.

5.4 Discussion and Error Analysis. Because the roll angle is
controlled to a setpoint that is scaled according to the known char-
acteristic lengths of the models, it is expected that the roll signals
will overlap well when the horizontal axis of Fig. 11 is normalized
using nominal scaling. Similarly, it is unsurprising that the yaw
and azimuth angles exhibit the same normalized frequencies
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across different scales. The most significant result is the similarity
in amplitude and general transient response characteristics of the
uncontrolled signals, yaw, and azimuth. Because these quantities
are nondimensional, their magnitudes should be independent
of the model scale. This in fact conforms to the result shown in
Figs. 12 and 13.

The dynamic scaling laws derived in this work and Ref. [23] are
valid under the condition that al// variables appearing the dimen-
sionless groups are scaled precisely. If any of these variables is not
scaled precisely, it can undermine the accuracy of the results. In
this work, there are three possible sources of significant error, all of
which relate to inherent limitations in the water channel setup.

First, imprecision in the flow speed measurement may have
resulted in variation of the dimensionless groups across experi-
ments. In this work, flow speed is measured by a point probe with a
resolution of *1.5 cm/s. Depending on which experiment is being
conducted, this corresponds to a possible error in the flow speed of
between 5.4% and 9.1%. The impact of this quantization-type error
is particularly visible in the normalized flow speeds of Table 6.

Second, camera lens distortion effects can have a nontrivial
effect on results. In particular, the approximations of Eq. (22) are
accurate when the tracking targets appear near the center of the
frame. Whereas lens distortion will cause them to become less
accurate as the model deviates from the center of the frame, as is
common with crosswind flight.

Finally, it is understood (and demonstrated in Refs. [21-23])
that the lateral stability of the model depends heavily on the
achieved pitch angle. Generally, higher pitch results in greater lat-
eral movement. Small inaccuracies in placement of the image
tracking targets on the models can result in slight differences
between the measured and achieved pitch angle across model
scales. This in turn can lead to inconsistencies between model
behavior at different scales.

6 Conclusions

This paper presented a framework for lab-scale control and
measurement of crosswind airborne wind energy systems. The
framework is capable of simultaneous control of altitude, pitch,
and roll, while measuring important variables upon which energy
generation depends. The paper followed with a detailed discussion
of crosswind flight performance across a range of model scales
and flow speeds, including experimental validation of the dynamic
scaling laws derived in this and previous work. Specifically, a
dynamic model-based dimensional analysis from Ref. [23] sug-
gested that properly scaled plant and controller parameters will
lead to dynamic equivalence across all model scales during
closed-loop control of crosswind flight. It was shown that the
dynamics scaled properly across a range of available model
scales, within experimental uncertainty.
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